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Overview Typical CNNs tolerate spatial variations within data implicitly through
1. Data augmentation (generate geometric perturbations)

Experiments (perturbed MNIST classification)
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Discussions

e Theoretical connection: STN <—=>>IC-LK
e Tolerating data spatial variations needs huge increase of model capacity
e Alignment is more efficient predicting small geometric updates iteratively

Check out our paper and code for more details and discussions!

e Single prediction Appearance decorrelates with
larger geometric displacements
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